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Chemical similarity searching with Statistical 
model. (Example is shown for SEA method) 
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Chemical similarity searching with Statistical 
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Validation Study: 670 Drugs 
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xLOS Virtual Screening for TRPV6 
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1) xLOS Screening 
12M compounds 

2) 133 compounds 
purchased 

3) FLIPR calcium assay 

1) xLOS Screening 
2) Synthesis (>50 compounds) 

3) FLIPR calcium assay 



Polypharmacology Profile of CIS22a 
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Summary 
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